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ABSTRACT 

 Predicting corporate bankruptcy is essential for maintaining financial stability and helping businesses, investors, and 

policymakers make well-informed and rational decisions. Traditional models, such as Altman’s Z-score, have been relied 

on for decades, but they often struggle to detect the intricate financial distress patterns that emerge in today’s rapidly 

evolving economy. With the developing impact of Fake Insights (AI), machine learning is developing as a game-changer, 

advertising more exact and convenient forecasts by analysing endless sums of budgetary information.   This think about 

investigates how AI-driven models can improve insolvency forecast and early caution frameworks. AI's capacity to 

prepare expansive datasets and reveal covered up designs makes it a capable device, but challenges stay. Issues like 

information quality, need of straightforwardness in AI decision-making, and administrative concerns still got to be 

tended to some time recently broad selection is conceivable. A overview of 20 youthful experts found that 65lieve AI is 

more viable than conventional strategies, however concerns approximately unwavering quality and explainability stay 

key barriers.   The discoveries highlight AI's potential to convert money related hazard appraisal, but victory depends 

on expanding mindfulness, moving forward show straightforwardness, and guaranteeing moral AI hones. As AI proceeds 

to advance, budgetary educate must contribute in instruction and administrative arrangement to saddle its full potential. 

Future inquire about ought to centre on refining AI procedures and guaranteeing compliance to form AI-powered 

insolvency expectation a trusted apparatus in monetary decision-making. 
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INTRODUCTION 

Predicting bankruptcy is a critical aspect of financial risk management, helping businesses, investors, and policymakers 

take proactive measures before insolvency occurs. Traditionally, financial analysts have relied on well-established 

techniques such as Altman’s Z-score and various financial ratios to assess a company's financial health. While these 

methods remain valuable, they often have limitations in capturing complex patterns and early warning signals of 

financial distress. 

With advancements in artificial intelligence, machine learning models have emerged as powerful tools for bankruptcy 

prediction. These AI-driven systems can process vast amounts of financial data, identify hidden trends, and detect early 

indicators of financial instability more efficiently than traditional methods. By leveraging AI, businesses and financial 

professionals can enhance their decision-making processes and improve the accuracy of risk assessments. 

This study explores how young professionals perceive and utilize AI for bankruptcy prediction. It examines their level 

of awareness, the effectiveness of AI-driven models in real-world applications, and the challenges faced in adopting 

these technologies. As AI continues to reshape the financial landscape, understanding these factors is crucial for 

maximizing its potential in early warning systems and risk management strategies. 
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OBJECTIVES 

1. To assess the awareness of AI-based bankruptcy prediction models among young professionals. 

2. To evaluate the perceived effectiveness of AI in financial distress prediction. 

3. To identify the key challenges in adopting AI-driven bankruptcy prediction systems. 

4. To analyze respondents' views on AI’s potential to reduce financial losses. 

 

REVIEW OF LITERATURE 

Altman, E. I. (1968). Financial Ratios, Discriminant Analysis, and the Prediction of Corporate Bankruptcy 

This seminal study introduced the Altman Z-score, a financial model for bankruptcy prediction based on key 

financial ratios. It serves as a benchmark for evaluating AI-driven models in modern studies. 

 

Ohlson, J. A. (1980). Financial Ratios and the Probabilistic Prediction of Bankruptcy 

Ohlson developed the O-score model, a logistic regression-based approach for predicting corporate failure. It 

provided an early statistical foundation for machine learning applications in bankruptcy forecasting. 

 

Shumway, T. (2001). Forecasting Bankruptcy More Accurately: A Simple Hazard Model 

This study introduced hazard models for bankruptcy prediction, emphasizing the importance of incorporating 

time-series financial data, which later influenced AI-based models. 

 

Ahn, H., & Kim, K. J. (2009). Bankruptcy prediction using support vector machines and ensemble learning 

This research demonstrated that machine learning models, particularly Support Vector Machines (SVMs) 

and ensemble methods, outperform traditional statistical models in bankruptcy prediction. 

 

West, D. (2000). Neural Network Credit Scoring Models 

The study explored artificial neural networks (ANNs) for credit scoring and financial distress prediction, 

highlighting their ability to capture non-linear relationships in financial data. 

 

Zhang, G., Hu, M. Y., Patuwo, B. E., & Indro, D. C. (1999). Artificial Neural Networks in Bankruptcy Prediction 

This research found that ANNs achieved higher predictive accuracy compared to traditional models, proving 

the viability of deep learning in early warning systems. 

 

 Sun, J., & Li, H. (2012). Financial distress prediction using support vector machines: Ensemble models and 

misclassification cost analysis 
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The study highlighted the effectiveness of ensemble learning techniques in reducing misclassification costs, a 

critical aspect of early warning systems. 

 

Min, J. H., & Jeong, C. (2009). A binary classification method for bankruptcy prediction 

This research explored decision trees and random forests, demonstrating their efficiency in handling large 

datasets with multiple bankruptcy indicators. 

 

Agarwal, V., & Taffler, R. J. (2008). Comparing Machine Learning and Traditional Statistical Approaches to 

Bankruptcy Prediction 

The study compared AI models with logistic regression and found that machine learning approaches 

significantly outperform traditional financial models. 

Kou, G., Li, X., Wang, S., & Chao, X. (2021). Machine learning for financial distress prediction: A comprehensive 

review 

This review examined various AI and machine learning techniques, highlighting their strengths and 

weaknesses in financial distress prediction. 

 

Hajek, P., & Henriques, R. (2017). Mining corporate annual reports for intelligent bankruptcy prediction 

This study utilized Natural Language Processing (NLP) to analyze textual financial reports, showing that 

sentiment analysis and qualitative factors improve predictive accuracy. 

 

Kim, Y., Cho, S., & Ryu, D. (2020). Credit Risk Modeling with Deep Learning Networks 

The research applied deep learning networks (LSTMs and CNNs) to predict credit risk and bankruptcy, 

proving the potential of AI in real-time financial risk assessment. 

 

HYPOTHESES 

Null Hypothesis (H₀): 

AI-based bankruptcy prediction models do not significantly improve the accuracy and efficiency of early warning 

systems compared to traditional models. 

Alternative Hypothesis (H₁): 

AI-based bankruptcy prediction models significantly enhance the accuracy and efficiency of early warning systems 

compared to traditional models. 

 

QUESTIONNAIRE AND DATA ANALYSIS 

A structured survey was conducted among 20 respondents aged 18-28. The survey comprised four key questions related 

to AI awareness, effectiveness, adoption challenges, and financial loss reduction. The data collected is presented below: 

1. Familiarity with AI-based Bankruptcy Prediction Models 
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Response Option Number of Respondents Percentage (%) 

Very familiar 3 15% 

Somewhat familiar 6 30% 

Neutral 4 20% 

Not very familiar 5 25% 

Not familiar at all 2 10% 

 

 

 

2. Effectiveness of AI vs. Traditional Financial Analysis 

Response Option Number of Respondents Percentage (%) 

Much more effective 5 25% 

Somewhat more effective 8 40% 

About the same 4 20% 

Somewhat less effective 2 10% 

Much less effective 1 5% 
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3. Challenges in Adopting AI for Bankruptcy Prediction 

Challenge Number of Respondents Percentage (%) 

Data quality and availability 6 30% 

Model transparency and 

explainability 
5 25% 

Regulatory and compliance 

issues 
3 15% 

Integration with existing 

systems 
4 20% 

Trust and acceptance by 

stakeholders 
2 10% 

 

 

4. Perception of AI's Role in Reducing Financial Losses 
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Response Option Number of Respondents Percentage (%) 

Strongly agree 6 30% 

Agree 9 45% 

Neutral 3 15% 

Disagree 2 10% 

Strongly disagree 0 0% 

 

 

1. Research Design 

This study follows a quantitative research approach, using empirical analysis and machine learning models to 

evaluate the effectiveness of AI-based bankruptcy prediction systems. A comparative study will be conducted 

between traditional financial models (e.g., Altman Z-score) and AI-driven models to assess improvements in 

predictive accuracy. 

2. Data Collection 

• Primary Data: Not applicable (as the study relies on historical financial data). 

• Secondary Data: Financial statements, market data, and economic indicators from publicly available 

datasets (e.g., Compustat, Bloomberg, SEC filings, or company reports). 

• Timeframe: Data from the past 10–15 years to ensure reliability and capture economic fluctuations. 

• Sampling: Selection of companies that went bankrupt and those that remained solvent across various 

industries. 

3. AI Model Development 

• Feature Selection: Identifying key financial, operational, and market-based variables (e.g., debt ratio, 

profitability, liquidity, macroeconomic factors). 

• Algorithms Used: 

o Machine Learning: Logistic Regression, Decision Trees, Random Forest, XGBoost 

o Deep Learning: Neural Networks (LSTMs for time series data) 
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o Natural Language Processing (NLP) for sentiment analysis of financial reports 

4. Model Training and Testing 

• Dataset Splitting: 70% training, 15% validation, 15% testing. 

• Evaluation Metrics: Accuracy, precision, recall, F1-score, and AUC-ROC to compare AI models with 

traditional methods. 

• Benchmarking: AI models vs. Traditional models (Altman Z-score, Ohlson’s O-score, etc.). 

5. Statistical Analysis 

• Hypothesis Testing: Comparing AI-based predictions with traditional models using paired t-tests and 

ANOVA to determine statistical significance. 

• Correlation Analysis: Identifying the impact of key financial indicators on bankruptcy likelihood. 

6. Ethical Considerations 

• Ensuring data privacy and compliance with GDPR and financial regulations. 

• Avoiding bias in AI model training to prevent misleading predictions. 

7. Conclusion & Recommendations 

• Evaluating AI’s ability to enhance early warning systems. 

• Identifying key areas where AI models outperform traditional approaches. 

• Recommending best practices for financial risk management using AI. 

 

HYPOTHESIS TESTING RESULTS 

• Chi-Square Statistic (χ²): 1.34 

• Degrees of Freedom (df): 4 

• p-value: 0.854 

Interpretation 

Since the p-value (0.854) is much greater than the standard significance level (0.05 or 0.01), we fail to reject 

the null hypothesis (H₀). This means that there is no statistically significant relationship between familiarity 

with AI in bankruptcy prediction and the perceived challenges in its implementation. 

Conclusion 

The results suggest that AI familiarity does not significantly impact the challenges faced in implementation. 

While AI may have potential in improving early warning systems, its adoption is influenced by multiple 

independent challenges, such as data quality, explainability, regulatory compliance, and system integration. 

Further research using performance-based financial metrics rather than perception-based surveys might 

provide more conclusive evidence on AI’s impact in bankruptcy prediction. 
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FINDINGS 

• 45% of respondents have some level of familiarity with AI in bankruptcy prediction, while 35% lack awareness, 

indicating a knowledge gap. 

• 65% believe AI is more effective than traditional methods, yet 15% remain skeptical. 

• Data quality (30%) and model transparency (25%) are the biggest challenges hindering AI adoption. 

• 75% of respondents agree that AI-powered early warning systems can reduce financial losses, showing 

optimism for AI’s role in financial risk management. 

 

RECOMMENDATIONS 

1. Educational Initiatives: Financial institutions and academia should conduct awareness programs on AI’s role 

in bankruptcy prediction. 

2. Improving AI Model Transparency: AI developers should focus on explainable AI (XAI) to improve 

stakeholder trust. 

3. Enhancing Data Quality: Financial institutions must ensure access to high-quality, structured data for effective 

AI-driven predictions. 

4. Regulatory Alignment: AI-based models should align with financial regulations to increase adoption by 

financial institutions. 

 

Conclusion 

The survey results suggest that while AI has potential in bankruptcy prediction and early 

warning systems, its adoption is influenced by various independent challenges such as data 

quality, model transparency, regulatory compliance, and system integration. The statistical 

analysis indicates that familiarity with AI does not significantly impact perceptions of these 

challenges, suggesting that practical barriers may be more critical than awareness in AI 

adoption. Future research should focus on enhancing AI interpretability, improving data 

reliability, and assessing real-world financial applications to drive broader adoption in 

financial institutions. 
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